Table 1. Baseline characteristics of the SLAS cohort.

Predictive Model for Mortality Risk

Number of participants included 5409
Stratification Using Laboratory Number of events 1145
Follow-up (years, median [IQR]) 11.4 (9.0-15.4)
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	Slide 1: We developed a model that uses common blood test results and clinical data to predict and classify mortality risk, helping to identify high-risk individuals earlier and more accurately.

